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Comparative Analysis of Domestic and International Research Trends
in Al-Based Disaster and Safety Management Using VOSviewer:
Public Safety Governance Perspective

Jaejun Kim, Seungkook Roh

Korean National Police University

This study compared the domestic and international research trends in Al-based disaster and safety
management from a public safety governance perspective. The analysis used 769 international
articles from ScienceDirect and 33 domestic articles from KCI, applying author keyword co-occurrence
network analysis with VOSviewer. International research comprised eight clusters and 482 links,
covering deep-learning- and remote-sensing-based disaster detection, machine-learning-based
risk prediction and explainable Al, social-media-based disaster response, loT- and UAV-based
information collection, and climate change and urban safety. Domestic research comprised six clusters
and 288 links, with practical topics such as generative Al, object detection, disaster response,
smart cities, and social disasters. The domestic keyword network was relatively dispersed.
Nevertheless, this finding should be interpreted cautiously because of differences in the number
of publications and analysis thresholds between the two datasets. In the collected domestic literature,
inter-agency data linkage and the use of policing data did not form an independent research cluster.
These findings suggest that domestic research should expand toward disaster-specific data
development, field decision support, explainable Al, and the responsible use of public safety data.

Keywords: Artificial Inteligence, Disaster and Safety Management. VOSviewer, Keyword Network
Analysis, Public Safely Govemance, Policing Data
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